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We aim to estimate the intention behind the actions of humans in order to enable flexible HRI. By
estimating the intention behind a humans actions, the robot can estimate the context and make necessary
adjustments. As the first step towards his goal, in this paper, we analyze time series data of 3D human skeletal
points with respect to interactable objects for intention estimation and action prediction. We conducted an
experiment to observe human movement and determined the necessary parameters for estimation. As a
result, we were able to predict action with 91% accuracy using a Temporal Convolutional Network.
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