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Abstract:

This paper estimates the 3D deformation of flexible objects for grasping while accounting for occlusion. By

deploying multiple cameras and applying CAD data to both the object and the hand, unseen areas are estimated by deploying.
Subsequently, using the corrected positional information of the hand and object, the object’s contour information is acquired

and its deformation amount is estimated.
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Table 1 Point cloud deletion ratios

TR | BHIBREIE (%)

Sponge 0.5
Cream puff 0.7
Sandwich 0.8
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