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Fig. 1 Point cloud sample.
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Fig. 2 Model architecture
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Fig. 3 Experimental results comparing proposed method and
MaskNet[3]
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Fig. 4 Point cloud matching sample.

Table 1 Experimental results for each method

success Positional mean Positional mean
rate error (m) error on success (m)
MaskNet[3] 36.65% 0.326 0.043
Proposed model | 98.26% 0.008 0.002
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