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Abstract: This paper proposes a novel process that use two cameras to obtain three-dimensional (3D) information of a target
object for tracking. Object detection and tracking results from two cameras are integrated to get the 3D information. In this
paper, the performance of human detection is improved by OpenPose.
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Fig.1 Flow chart
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Fig. 2 Histogram generation for template image: (a)
Template image and (b) Color Histogram
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Fig.3 Detection of human area: (a) Detection of human

body keypoints by OpenPose and (b) Examples of an area
used to calculate histogram similarity
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Fig.4 Examples of points used for distance calculation: (a)
Left camera image and (b) Right camera image
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Fig.7 Experimental results of two cameras in a relatively

bright indoor environment: (a) just before the robot

moves, (b) while moving, (c) immediately after the robot
stops.
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Fig.6 Conceptual diagram of target tracking with a mobile
robot
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Fig.8 Experimental results of two cameras in a relatively

dark indoor environment: (a) just before the robot moves,
(b) while moving, (c) immediately after the robot stops.
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