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Individual identification using skeleton information obtained from monocular camera
—Comparison of CNN and SVM—
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It is necessary in various scenes to perform individual identification from images of a camera. This paper focuses on

skeleton information that seems to be unique to individuals. Skeleton information is extracted using posture estimation

library OpenPose. Then, personal identification is performed using the skeleton information. Two methods are compared
for the identification. The first method uses Convolution Neural network (CNN). CNN finds personal features from skele-
ton information and identifies individuals. The second method uses Suport Vector Machine (SVM). In this case, person’s
features are set manually from skeleton information, and individual identification is performed with SVM. Two individual

identification methods are compared by experiments.
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