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Feature Expectation in Inverse Reinforcement Learning
Using Non-Demonstration Trajectories
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Abstract: This paper presents model-free inverse reinforcement learning technique using non-demonstration trajectories.
The non-demonstration trajectories are supposed to be sampled from arbitrary policy of a learner. We utilize the sampled
trajectories for estimation of reward function in semi-supervised manner to reduce the number of required demonstrations.
Simulation results in highway problem indicated that proposed method could improve the performance of inverse

reinforcement learning.
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