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Fig.1 Time series of low-resolution images
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(a) Original image (b) Low-resolution image

Fig.3. Detection of periodic motion region
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Fig.6 Four periodic gestures
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Table 1 Recognition rate of periodic gestures for
each machine learning method (%)

(a) Linear discriminant analysis

Actual class Predicted class

a
Horizontal Vertical Clockwise oumf.r
clockwise
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Counterclockwise 0 16 17 58
(b) Mahalanobis distance
Actual class Predicted class
Horizontal WVertical Clockwise . e
clockwise
Horizontal 70 4 1 25
Vertical ] T2 ] 20
Clockwise 3 2 GE 27
Counterclockwise b 7 11 T
() Support vector machine
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Table 2 Recognition rate of periodic gestures in
the dark room (%)

Actual class Predicted class

Counter
clockwise
Horizontal 73 1 3 23
Vertical 0 84 2 14
Clockwise 3 4 Gy 27
Counterclockwise 1 10 13 6
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